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GEOINFORMATION MAPPING OF PASTURE LANDS IN THE SOUTHERN
REGIONS OF KAZAKHSTAN BASED ON EARTH REMOTE SENSING DATA

Annotation. This article presents the results of geoinformation mapping of pasture lands in the
southern regions of Kazakhstan based on Earth remote sensing data, GIS analysis and field
geobotanical surveys. The study objects were pasture areas of Almaty, Zhambyl, Zhetysu, Kyzylorda
and Turkestan regions, which differ in contrasting natural and climatic conditions, heterogeneous soil
and vegetation cover, different degrees of aridity and anthropogenic pressure. The relevance of the
research is determined by the need to create an objective digital basis for assessing the state of pastures,
clarifying their spatial distribution and substantiating permissible grazing load at the district level. The
source materials included regional and district administrative boundaries, medium-resolution satellite
imagery, digital land-use layers, results of visual expert interpretation and field data on species
composition, projective cover, grass height, productivity and forage value of pasture vegetation. The
methodology included the development of a spatial database, delineation of pasture lands, exclusion
of non-pasture objects, calculation of vegetation biophysical parameters and comparison of satellite
information with field survey data. Differences in natural zones, seasonal dynamics of grass cover and
spectral homogeneity of plant formations were also considered when selecting test polygons. GIS
processing produced digital pasture maps for five regions and assessed LAI, FAPAR and FCOVER,
which characterize leaf biomass development, photosynthetic activity and the fraction of the surface
covered by green vegetation. The results revealed pronounced regional differentiation of pasture
condition: more favorable values of biophysical parameters were recorded for Almaty and Zhetysu
regions, whereas pastures in Turkestan, Zhambyl and Kyzylorda regions were characterized by more
limited bioproductive potential. Field geobotanical surveys made it possible to refine vegetation
formation types, verify interpretation results and improve the reliability of thematic mapping. The
obtained materials can be used for rational pasture use, spatial planning of grazing load, development
of district-level standards and prevention of degradation of pasture ecosystems in southern
Kazakhstan.

Keywords: pasture lands; Earth remote sensing; GIS; biophysical parameters; geobotanical
survey; grazing load; southern Kazakhstan; LAI; FAPAR; FCOVER; permissible grazing load.
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Introduction

Pasture lands are a basic spatial resource for livestock production in arid and semi-arid
regions of Kazakhstan. Their condition depends on the combined influence of climatic factors,
soil and vegetation conditions, seasonal grassland dynamics and the actual intensity of use.
According to state land accounting data, a considerable part of the country’s pastures is in
unsatisfactory condition, which reduces forage availability and increases the risk of land
degradation [1-3].

Existing national standards for maximum permissible pasture load are generalized and
do not always reflect intra-territorial differences in vegetation productivity, soil salinity,
moisture availability and accessibility of pasture plots. In the context of changes in pasture
legislation, this issue has direct applied significance because the assessment of actual and
permissible load is used for land-use regulation [4-8].

Modern methods of Earth remote sensing provide spatially continuous indicators of
vegetation condition, including leaf surface, fraction of absorbed photosynthetically active
radiation and fractional green vegetation cover. In combination with GIS analysis and field
geobotanical surveys, these data make it possible to move from local descriptions of grass
cover to district-differentiated grazing-load standards [9-15].

The aim of the study is to develop a scientifically substantiated approach to the
assessment of pasture lands in the southern regions of Kazakhstan and to calculate permissible
grazing load at the district level through the integration of remote sensing, GIS and field
geobotanical observations.

Materials and methods
Study area

The study objects were pasture lands of Almaty, Zhambyl, Zhetysu, Kyzylorda and
Turkestan regions of the Republic of Kazakhstan. These territories belong mainly to arid and
semi-arid natural zones, where pasture productivity varies substantially depending on
elevation, soil cover, salinity, moisture conditions and anthropogenic pressure. All regions are
characterized by a high spatial heterogeneity of pasture vegetation, which requires analysis at
the district scale [1-8].

Source data and geodatabase

The source information base included administrative boundaries of regions and districts,
medium-resolution satellite images, materials of visual expert interpretation, thematic pasture-
land layers and field survey results. Spatial data were organized in a geodatabase, where each
object was assigned geometric and attribute characteristics: administrative affiliation, area,
land-use type, membership in a test polygon and ground-verification results.

Both direct and indirect interpretation features were used to identify pastures. Cropland
was recognized by regular field geometry and a pronounced mosaic pattern of agricultural
use; fallow land by less regular contours and heterogeneous spectral structure; hayfields by
denser seasonal grass cover; and pastures by their position relative to settlements, livestock
trails, watering points and trampling traces. Examples of interpretation features are presented
in Figure 1.
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Figure 1 - Interpretation features of agricultural lands based on remote sensing data: a) cropland; b)
fallow land; c) hayfield; d) pasture

Figure 2 presents an example of the attribute structure of the geodatabase. A unified
object table makes it possible to calculate areas, link polygon data with biophysical parameters
and compile district-level summaries for grazing-load regulation.

Table

ERAR =R F X

Zhetysu_region

ObjectName ObIName SHAPE Length SHAPE Area area

Aksu district Zhetysu Region 179,689836 1,067551 | 926768,261401498
Alakol district Zhetysu Region 351,630238 1,763859 | 1524315,77482008
Taldykorgan city Zhetysu Region 116,929575 0,259402 | 227753,374518348
Karatal district Zhetysu Region 125,361618 2,420252 | 2093089,54183008
Kerbulak district Zhetysu Region 181,942278 0,802653 | 712620,245404545
Koksu district Zhetysu Region 72,644631 0,724577 | 637549,833080487
Panfilov district Zhetysu Region 114,597042 0,599159 | 533949,37193362
Sarkand district Zhetysu Region 177,63014 1,976983 | 1691083,15892226

Figure 2 - Example of the attribute table of the pasture-land layer in the geodatabase
Remote sensing processing and biophysical parameters

The condition of pasture vegetation was assessed from remote sensing data during the
period of maximum grassland growth. The main biophysical parameters were LAI (Figure 3),
FAPAR (Figure 4) and FCOVER (Figure 5). LAI characterizes leaf surface area per unit of
ground surface; FAPAR reflects the fraction of photosynthetically active radiation absorbed
by green vegetation; and FCOVER describes the fraction of the surface covered by green
vegetation [10]. These indicators are used to assess biomass, seasonal grassland development
and spatial heterogeneity of pastures.
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Figure 3 - Assessment of Leaf Area Index (LAI) of pasture lands in the southern regions of
Kazakhstan based on Earth remote sensing data for May 2025: a — Almaty Region; b — Zhambyl
Region; ¢ — Zhetysu Region; d — Kyzylorda Region; e — Turkestan Region

The Leaf Area Index (LAI) was used for guantitative assessment of leaf biomass
development in pasture vegetation. This indicator expresses the ratio of total leaf surface area
to a unit of ground surface and is one of the key biophysical parameters for analyzing
grassland productivity. In this study, LAI was calculated using Earth remote sensing data for
May 2025, which corresponds to the period of active development of pasture vegetation.
Multispectral data were used to characterize the spectral response of vegetation in the visible,
near-infrared and short-wave infrared ranges. LAI estimation is based on the relationship
between vegetation reflectance and leaf-mass density: areas with more developed grass cover
generate higher values, whereas sparse, dry or degraded pastures show low values [11, 12].

The spatial distribution of LAI demonstrates pronounced regional heterogeneity of
pasture lands. The highest values occur in Almaty and Zhetysu regions, where foothill and
mountain conditions, better moisture supply and relatively well-developed grass cover
promote greater leaf surface. Mean LAI values were approximately 6.57 for Almaty Region
and 6.68 for Zhetysu Region. These territories can be interpreted as zones with comparatively
high potential for green biomass formation.

In Zhambyl Region the mean LAI value was approximately 3.91, indicating more
limited leaf-mass development than in Almaty and Zhetysu regions. Spatially higher values
are confined to southern and foothill areas, whereas flat arid territories are characterized by
low values. In Kyzylorda Region the mean LAI was about 4.02, but the distribution is
heterogeneous: a large part of pastures has low values, while locally increased values are
associated with more favorable moisture conditions. In Turkestan Region the mean LAI was
about 3.41, reflecting the strong influence of aridity, seasonal moisture deficit and high
anthropogenic pressure. Therefore, the LAI map makes it possible to identify areas with
different levels of leaf biomass development and to use this parameter as a basis for
subsequent assessment of pasture forage potential [13-15].
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Figure 4 - Assessment of Fraction of Absorbed Photosynthetically Active Radiation (FAPAR) of

pasture lands in the southern regions of Kazakhstan based on Earth remote sensing data for May

2025: a — Almaty Region; b — Zhambyl Region; ¢ — Zhetysu Region; d — Kyzylorda Region; e —
Turkestan Region

FAPAR reflects the fraction of photosynthetically active radiation absorbed by green
vegetation. Unlike LAI, which characterizes the structural parameter of leaf surface, FAPAR
describes the functional activity of vegetation cover, that is, the ability of pasture vegetation
to use solar energy in photosynthesis. FAPAR was calculated from remote sensing data for
May 2025 based on vegetation spectral characteristics. High values correspond to areas with
active photosynthesis, sufficient green biomass and favorable grassland condition. Low values
indicate weak vegetation activity, sparse cover, drought stress or predominance of exposed
soil.

The FAPAR map clearly shows regional differences in the functional state of pastures.
In Almaty Region, elevated values are concentrated mainly in the southern and south-eastern
parts, where foothill and mountain pastures have better moisture conditions. Northern and flat
areas are characterized by lower values, reflecting aridization and limited grassland
development. In Zhambyl Region, FAPAR values vary spatially from low and medium levels
in flat dry areas to higher levels in the southern and foothill parts. The mean FAPAR for
Zhambyl Region was about 21.43, indicating moderately limited photosynthetic activity of
pasture vegetation.

For Zhetysu Region, the map shows considerable spatial contrast: high FAPAR values
are associated with central, southern and eastern areas, where relief and moisture conditions
support active vegetation development. In Kyzylorda Region, the mean FAPAR was about
52.49, although this value should be interpreted carefully because high values are not spatially
continuous but occur locally on more active vegetation sites. At the same time, the overall
closure of green cover in this region remains low, as confirmed by FCOVER. In Turkestan
Region, the mean FAPAR was about 18.13. Higher values are concentrated in the southern
and foothill parts, whereas northern arid pastures show lower photosynthetic activity. Thus,
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FAPAR makes it possible to assess not only the presence of vegetation but also its
physiological activity during a specific vegetation period.

]
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Figure 5 - Assessment of Fractional Green Vegetation Cover (FCOVER) of pasture lands in the
southern regions of Kazakhstan based on Earth remote sensing data for May 2025: a — Almaty
Region; b — Zhambyl Region; ¢ — Zhetysu Region; d — Kyzylorda Region; e — Turkestan Region

FCOVER was used to estimate the fraction of the surface covered by green vegetation.
Unlike LAI and FAPAR, this parameter directly characterizes the closure of green cover and
the degree to which the surface is covered by plant mass. FCOVER is especially important
for the analysis of pasture lands in arid and semi-arid territories because sparse grass cover is
directly related to the risk of degradation, trampling, soil deflation and reduced forage
capacity. FCOVER was calculated from Earth remote sensing data for May 2025. High values
correspond to areas with dense green cover, whereas low values indicate weak vegetation
development, exposed soil, saline sites or low-productivity pastures.

The spatial distribution of FCOVER shows that the most favorable conditions for
formation of green cover are typical of Zhetysu and Almaty regions. The mean FCOVER for
Zhetysu Region was about 46.31, the highest value among the studied regions. This indicates
greater closure of pasture cover and relatively high potential for maintaining grassland
stability. In Almaty Region, the mean FCOVER was about 35.95. On the map, higher values
are concentrated in the southern and foothill territories, whereas northern and flat areas have
more sparse cover.

In Zhambyl Region, the mean FCOVER was about 32.98. Spatially higher values are
observed in the southern and south-eastern parts of the region, where pasture vegetation
develops better due to relief and moisture conditions. In Kyzylorda Region, the mean
FCOVER was about 14.94, which indicates the most sparse green cover among the five
regions. This is associated with high aridity, soil salinity and limited development of
herbaceous vegetation. In Turkestan Region, the mean FCOVER was about 25.43. The
densest green cover is formed in the southern and foothill zone, whereas northern and western
pastures show lower values. Taken together, FCOVER refines the actual closure of pasture
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cover and is an important parameter for assessing degradation risk and permissible grazing
load.

Field geobotanical surveys and cross-checking

Figure 6 presents a map of relief, hydrographic network and field points used for the
geobotanical survey of pasture lands in the southern regions of Kazakhstan. The cartographic
base covers Almaty, Zhambyl, Zhetysu, Kyzylorda and Turkestan regions, which are
characterized by substantial natural heterogeneity. Within the study area, elevations range
from lowland plains in Kyzylorda Region to high-mountain territories of south-eastern
Kazakhstan. This altitudinal differentiation directly affects types of pasture vegetation,
duration of the vegetation period, moisture availability, grassland productivity and permissible
grazing load.

Test polygons for field verification and geobotanical description were selected
considering the results of preliminary remote classification, spectral homogeneity of plant
formations, relief conditions and territorial accessibility. Particular attention was paid to
ensuring that control points covered different natural-landscape conditions: flat arid pastures, foothill
sites, mountain pastures, areas near the hydrographic network, sandy zones, and sites located near
settlements and livestock-driving routes. This approach improved the representativeness of field
data and reduced the risk of one-sided pasture assessment based only on the most accessible areas.

At least 30 test polygons were planned for each administrative district. At each polygon,
geographic coordinates, administrative affiliation, landscape-geographic position, elevation
conditions, soil type, dominant plant species, total projective cover, average grass height, and
productivity of fresh and dry pasture mass were recorded. Additional degradation signs were noted,
including sparse vegetation, exposed soil, trampling traces, and proximity to watering points,
livestock trails and settlements.

The map shows that field points are distributed unevenly but in accordance with the spatial
logic of pasture use and the natural differentiation of the territory. A higher density of points is
observed in areas of active agricultural use, in foothill zones and along transport-accessible
territories. In Kyzylorda Region, points mainly cover arid and semi-desert pastures, where sandy
massifs, saline soils and a limited hydrographic network play an important role. In Turkestan and
Zhambyl regions, a large part of the points is associated with foothill and flat-foothill pastures, where
high seasonal variability of grass cover is observed. In Almaty and Zhetysu regions, field points
cover a broad elevation range from flat pastures to mountain and foothill sites, allowing the influence

regions of Kazakhstan
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The presented map has not only illustrative but also methodological value. It shows the
spatial relationship between relief, the hydrographic network, administrative boundaries and
the actual distribution of field surveys. This is important for the subsequent verification of
remote sensing data because LAI, FAPAR and FCOVER spectral indicators must be
interpreted with regard to the landscape position of pastures. For example, low biophysical-
parameter values in desert and semi-desert areas may reflect natural sparseness of vegetation,
whereas similar values in foothill pastures may indicate degradation or excessive grazing load.

Thus, the map of relief, hydrographic network and field points provides the spatial basis
for comparing satellite data with field geobotanical surveys. It enables correct interpretation
of pasture formations, assessment of grassland productivity and subsequent calculation of
permissible grazing load at the district scale.

Figure 7 shows the combination of the cartographic position of a test plot with the actual
condition of grass cover. This procedure is necessary for cross-checking remote sensing data
because satellite indicators reflect an integral spectral signal, whereas field surveys refine
species composition, forage value and degradation features.

S \ Sy
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68° 59' 22,793"

&
Location: 499 147,616 4615 126,186 *

Field Value
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number 5

X 68° 59' 22,793"
y 41°41' 16,232°

Identified 1 feature

Figure 7 - Example of a test polygon and the actual grassland condition at a geobotanical survey site
Calculation of permissible grazing load
Permissible grazing load was calculated on the basis of dry pasture-mass productivity,
the utilization coefficient and the annual dry-matter requirement of one conditional livestock
unit. Methodologically, the calculation was performed after identifying dominant types of
pasture vegetation and comparing biophysical parameters with ground measurements of
productivity:
D=(YxK)/P
where D is permissible load; Y is the mean yield of dry pasture mass, c/ha; K is the utilization
coefficient of pasture mass; and P is the annual dry-matter requirement of one conditional
livestock unit, c. In the practical calculation, the utilization coefficient was taken within the
range of 0.5-0.6, which reflects the inadmissibility of complete removal of aboveground
biomass and the need to preserve the regenerative potential of the pasture.
Results and discussion
Digital mapping of pasture lands
As a result of visual expert interpretation of satellite data and subsequent GIS
processing, digital maps of pasture lands were prepared for five southern regions of
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Kazakhstan: Almaty, Zhambyl, Zhetysu Kyzylorda and Turkestan regions. The main task of
this stage was not only to determine the total pasture area but also to create a spatially correct
pasture mask suitable for further calculation of biophysical parameters, geobotanical
interpretation and assessment of permissible grazing load.

Digitization was performed by sequentially excluding objects that do not belong to
pasture lands from the initial spatial mask. Croplands, hayfields, fallow lands, settlements,
road networks, water bodies, industrial and infrastructure areas, and sites with signs of stable
non-pasture use were excluded from the analysis. This approach reduced the probability of
mixing pastures with other land categories, especially in arid and semi-arid conditions where
the spectral characteristics of dry pastures, fallow lands and low-productivity hayfields may
be similar.

During visual expert interpretation, contour shape and size, image texture, seasonal
variability of vegetation cover, and the spatial position of plots relative to settlements,
watering points, roads and livestock trails were considered. Pasture plots, unlike croplands,
generally do not have a regular geometric structure and are characterized by a more
heterogeneous spectral pattern. Therefore, their delineation required the combined use of
satellite information, cartographic data and expert interpretation of spatial context (table 1).

Table 1 - Area of digitized pasture lands by study region

Region Area of digitized pastures, ha
Almaty Region 6 323 376.9
Zhambyl Region 8347 129.5
Zhetysu Region 8 336 535.2
Kyzylorda Region 15143 297.1
Turkestan Region 9119936.5

The largest pasture area was delineated in Kyzylorda Region, which is associated with
the dominance of extensive arid territories and a low share of intensively cultivated land.
Turkestan, Zhambyl and Zhetysu regions also contain considerable pasture resources, but their
forage potential differs because of differences in moisture conditions, soil cover and
anthropogenic pressure (Flgure 8)
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Figure 8 - Digital maps of pasture lands in the southern regions of Kazakhstan developed from
remote sensing data
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Regional differentiation of biophysical parameters

Comparative analysis of LAI, FAPAR and FCOVER revealed regional differences in
the condition of pasture vegetation. The highest mean LAI values were recorded in Zhetysu
and Almaty regions, indicating better development of leaf biomass. Lower LAI values in
Turkestan and Zhambyl regions reflect a limited potential for grassland formation under
drought and uneven moisture conditions (table 2).

Table 2 - Mean values of pasture vegetation biophysical parameters by study region

Region LAI FAPAR FCOVER
Almaty Region 6.57 n/a 35.95
Zhambyl Region 3.91 21.43 32.98
Zhetysu Region 6.68 n/a 46.31
Kyzylorda Region 4.02 52.49 14.94
Turkestan Region 341 18.13 25.43

For FCOVER, the maximum values were recorded in Zhetysu and Almaty regions,
confirming a higher closure of green cover. Kyzylorda Region is characterized by high
FAPAR combined with low FCOVER, which indicates spatial heterogeneity of vegetation
cover: photosynthetically active sites occur, but their area and closure are limited. Therefore,
no single biophysical parameter should be used in isolation; a correct pasture assessment
requires joint analysis of LAI, FAPAR, FCOVER and ground productivity.

Geobotanical interpretation of pasture productivity

Field geobotanical surveys showed substantial differences in the condition of pasture
vegetation among the studied regions. The main indicators used to characterize grass cover
were total projective cover, vegetation height, species composition, fresh and dry mass
productivity and signs of pasture-cover disturbance. These parameters are directly relevant to
the assessment of pasture forage potential because satellite biophysical indicators represent
the integral state of vegetation cover, whereas field data clarify the actual structure and
economic value of grassland (Figure 9).

a

Figure 9 - Field geobotanical work: recording and description of grass cover, work at a test site, and
fixation of spatial position and pasture condition

In Almaty Region, total projective cover of pasture vegetation ranged from 60 to 100%,

indicating considerable heterogeneity of pasture conditions. The highest cover values were

376



VAMp

P
a"l/“ms‘\‘é\ BKY Xa6apLubicbl
BectHuk 3KY 2(102) — 2026

typical of foothill and mountain sites with better moisture availability, more developed grass
cover and favorable soil conditions. The average pasture productivity was about 10-15 c/ha;
however, substantial differences were observed within the region between flat arid sites and
more productive foothill pastures. Therefore, Almaty Region can be considered a region with
relatively high but spatially contrasting pasture potential.

In Zhambyl Region, grassland productivity ranged from 0.5 to 13.7 c/ha, with an
average level of about 5-6 c/ha. This range shows that a considerable part of pastures has
limited forage capacity. Low productivity values are associated with climatic aridity, uneven
seasonal moisture, sparse grass cover and local anthropogenic impact. At the same time,
individual sites, especially in foothill and better-moistened zones, form higher biomass.
Consequently, the use of uniform averaged grazing-load standards for Zhambyl Region is
insufficiently correct because it does not reflect intra-territorial productivity differences.

In Zhetysu Region, mean pasture productivity was approximately 6-7 c/ha. This region
combines flat, foothill and mountain pastures, creating pronounced landscape differentiation
of vegetation cover. More productive pastures are associated with better-moistened sites and
more stable grass cover, whereas productivity decreases in dry flat areas. Field data confirm
that the high spatial variability of relief and soil-vegetation conditions must be considered
when interpreting satellite indices and calculating permissible load.

In Turkestan Region, the mean productivity of pasture vegetation was approximately 3-
4 c/ha. Low and medium productivity values are caused by high seasonal drought, a short
period of active grassland development and considerable grazing pressure near settlements
and watering points. However, southern and foothill parts of the region have more favorable
conditions for grassland development than flat arid territories. Therefore, pasture assessment
in Turkestan Region must consider not only total land area but also seasonal accessibility,
degree of use and spatial proximity to zones of livestock concentration.

In Kyzylorda Region, mean pasture productivity was about 2.0-2.5 c/ha, one of the
lowest values among the studied regions. This is associated with the dominance of desert and
semi-desert landscapes, high aridity, widespread saline soils, sparse vegetation and a limited
hydrographic network. Even with a large area of pasture lands, the actual forage capacity of
these territories remains limited. For this region, it is especially important to consider not only
biomass productivity but also the resistance of the soil-vegetation cover to the mechanical
impact of grazing.

The identified differences are of fundamental importance for grazing-load regulation.
For pasture plots of the same size, permissible load cannot be identical where productivity,
projective cover and aridity differ. Sites with low productivity, weak grass cover and a high
share of exposed soil should have a lower permissible load because excessive biomass
removal on such areas rapidly leads to vegetation degradation, trampling and intensification
of erosion processes. Conversely, sites with high projective cover, stable grassland and
sufficient biomass may sustain a higher but strictly regulated load.

Thus, the use of pasture area alone without considering biomass, species composition,
projective cover and typological structure of vegetation leads to overestimation of calculated
pasture capacity. A correct assessment of permissible load should be based on joint analysis
of field geobotanical data, satellite biophysical parameters and natural-landscape conditions.
This approach enables a transition from administratively averaged standards to a spatially
differentiated pasture-management system in which each district and pasture type is
considered with regard to its actual forage potential and ecological stability.
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Permissible grazing load and GIS-based management

The calculation of permissible grazing load was carried out considering regional and
district heterogeneity of pastures. The main scientific result is not limited to the production of
pasture maps; it also consists in forming a spatial basis for management decisions: where the
current load is acceptable, where livestock numbers need to be reduced, where pasture rotation
is required and where restoration measures are appropriate.

The GIS approach makes it possible to link calculated standards to specific
administrative districts and individual pasture massifs. This is especially important for
southern Kazakhstan, where gradients of aridity, elevation and soil salinity create sharp spatial
differences in productivity. District-differentiated standards reduce the risk of both
overloading degraded pastures and underusing more productive sites.

Methodological detail of pasture mask preparation

Preparation of the pasture mask was considered as an independent stage because the
accuracy of all subsequent calculations depends on its completeness. In the GIS environment,
the initial territory was sequentially cleaned of objects that do not belong to pastures:
croplands, hayfields, fallow lands, settlements, road networks, industrial sites, water bodies
and areas with permanent surface transformation. This procedure prevented mechanical
mixing of pasture vegetation with other land categories and reduced the risk of overestimating
forage capacity.

Visual expert interpretation was used not as a replacement for automated classification
but as a corrective mechanism for complex arid territories. In southern Kazakhstan, the
spectral similarity of dry pastures, fallow lands and low-productivity hayfields leads to
automated-classification errors, especially during periods of low phytomass. Therefore, the
study considered contour shape, image texture, seasonal recurrence of the spectral signal,
location relative to settlements and watering points, and traces of livestock trails.

To increase comparability, all vector layers were brought to a single coordinate system
and a unified attribute structure. The attribute component included polygon identifier,
administrative affiliation, area, interpretation source, land type, correction attribute and
additional fields required for linkage with raster indicators. Such a geodatabase structure
enables updating of materials when new images and repeated field surveys become available.

Topological checking of polygon layers was of particular importance. Self-
intersections, duplicated contours, boundary gaps and small artifact polygons arising from
manual vectorization and subsequent layer merging were eliminated. After topological
cleaning, areas were calculated by region and district, which provided a consistent spatial
basis for regional analysis.

Interpretation of biophysical parameters under arid pasture conditions

LAI, FAPAR and FCOVER were interpreted with regard to the natural zonality of
pastures. In arid and semi-arid conditions, low values of these parameters do not always
indicate degradation: they may reflect naturally sparse vegetation types, a short period of
active vegetation or dominance of semi-shrub communities. Therefore, the assessment was
not based on a single absolute threshold but on comparison of indicators with pasture type,
regional climatic conditions and geobotanical descriptions.

LAI was used as an indicator of leaf-surface volume and potential biomass. Increased
LAI values are typical of areas with developed grass cover and better moisture availability,
whereas low values reflect weak leaf-mass development or the completion of a phenological
phase. FAPAR characterizes the fraction of absorbed photosynthetically active radiation and
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makes it possible to assess the functional activity of vegetation cover, including sites where
projective cover is low but plants are in an active photosynthetic phase.

FCOVER reflects the fraction of the surface covered by green vegetation and is
therefore especially important for assessing the sparseness of pasture cover. In Kyzylorda
Region, the combination of relatively high FAPAR with low FCOVER indicates
heterogeneity of vegetation cover: some sites retain photosynthetic activity, but the spatial
closure of grass cover remains limited. For grazing-load regulation, this result has practical
significance because low cover increases the risk of trampling and soil deflation.

The integrated interpretation of the three parameters made it possible to separate
territories with high biomass potential, sites with limited productivity and pastures with high
spatial heterogeneity. This is important for district-level regulation because the same mean
yield may result from different combinations of cover density, photosynthetic activity and
grassland structure (Table 3).

Table 3 - Functional interpretation of biophysical indicators for pasture assessment
Indicator Biophysical meaning Interpretation for pastures
Characterizes potential green biomass volume and
the phenological phase of grassland development
Fraction of absorbed photosynthetically Shows functional activity of vegetation cover and

LAI Leaf surface area per unit of ground area

FAPAR

active radiation photosynthesis intensity
Fraction of the surface covered by green Reflects grassland closure, cover sparseness and
FCOVER : : -
vegetation risk of soil exposure

Regional geobotanical characteristics and productivity differences

Geobotanical surveys confirmed considerable intra-territorial heterogeneity of pasture
lands. In Almaty Region, projective cover during the active growth period ranged from 60 to
100%, while productivity varied from 2.0-2.5 c/ha on saline and degraded sites to 70-72 c/ha
on the most productive pastures. This difference is explained by the combination of foothill
conditions, local moisture, soil heterogeneity and different degrees of economic pressure.

In Zhambyl Region, mean projective cover was 70-100%, but productivity varied within
a narrower and predominantly low range of 0.5 to 13.7 c/ha. This indicates limited forage
potential in a substantial part of surveyed pastures and the need for cautious use of averaged
standards. On such territories, excessive load may quickly reduce the share of edible species
and intensify degradation signs.

In Zhetysu Region, projective cover also ranged from 60 to 100%, and productivity
varied from 2.0-2.5 to 12.5 c/ha. Despite high biophysical-parameter values in the regional
comparison, field information shows that productivity depends on local soil and climatic
conditions and cannot be evaluated only by a regional mean value.

Turkestan Region was characterized by projective cover of 60-100% and productivity
from 1.7-2.0 to 7.5-8.7 c/ha. Under relatively mild winter conditions and early onset of spring
vegetation, the role of seasonal drought is high and limits the duration of the productive period.
Therefore, monitoring should consider specific phenological windows rather than calendar
months only.

In Kyzylorda Region, projective cover was 50-90%, with an average of 70-75%, and
productivity ranged from 1.2-1.5 to 5.0-6.2 c/ha. Low values are associated with strong
aridity, widespread saline soils and sparse vegetation cover. For this region, the most critical
issue is not only calculation of forage mass but also accounting for the resistance of the soil
surface to additional mechanical impact from grazing (Table 4).

379



WAMp ,

% >

PAo)

U= BKY Xa6apuubichl
BectHuk 3KY 2(102) — 2026
Table 4 - Regional geobotanical indicators used for grazing-load assessment

Grassland productivity,
c/ha

Region Projective cover Interpretation

The most contrasting conditions:

- 0
60-100%, mean from 2.0-2.5 to 70-72 from degraded and saline sites to

Almaty Region

-850,
80-85% highly productive pastures
Zhambyl Region 70-100% from 0.5 to 13.7 Limited forage potential in a

substantial part of pastures
High dependence of productivity

Zhetysu Region 60-100% from 2.0-2.5t0 12.5 on local soil and climatic

conditions

Turkestan 1000 ) ) Early grassland development with
Region 60-100% from1.7-2.010 7.5-8.7 a strong role of seasonal drought

Kyzylorda 50-90%, mean 70- Sparse cover and high influence of
ée{}ion 75% from 1.2-1.5105.0-6.2 P salinity andgaridity
Linkage between field biomass and remote sensing data

The linkage between field measurements and remote sensing data was formed through
control polygons where geographic coordinates, species composition, grass height, projective
cover and productivity were recorded simultaneously. Biophysical-parameter values were
extracted for each polygon from the corresponding raster layers. This made it possible to form
a training and validation basis for assessing the correspondence between satellite signal and
actual pasture condition.

Field data should not be regarded only as a means of verifying a completed map. They
perform a calibration function: they clarify the meaning of spectral differences and allow
naturally low-productivity pastures to be distinguished from anthropogenically degraded
ones. For example, low FCOVER on saltwort or wormwood pastures may be a natural
property of the community, whereas a similar value on sites that previously had denser grass
cover may indicate degradation.

A regression approach was used to convert satellite indicators into productivity. The
dependent variable was dry-mass yield determined from mowing plots, while the independent
variables were LAI, FAPAR, FCOVER and additional features characterizing pasture type.
This approach is methodologically preferable to simple interpolation of field measurements
because it accounts for the spatial continuity of satellite observations and extends survey
results to the entire district territory.

In practical application, regression relationships should be developed separately for
major natural-vegetation groups or corrected using a typological coefficient. | disagree with
the use of a universal model for all regions: a single model would mix wormwood, ephemeral,
grass and saltwort communities, resulting in distortion of productivity and, consequently,
permissible load. The correct approach requires stratification by pasture types and natural
zones.

Spatial logic of permissible grazing-load calculation

Permissible grazing load was calculated not as a single tabular value but as a spatially
distributed procedure. At the first stage, dry-mass productivity was determined for each
polygon or cell of the pasture mask. At the second stage, the utilization coefficient was
applied, reflecting the share of forage mass that can actually be used by animals without
destroying the vegetation cover. At the third stage, the calculation was related to the annual
dry-matter requirement of one conditional livestock unit.

The use of a utilization coefficient of 0.5-0.6 is an important limiting factor. If the entire
biomass is accepted as available forage, the calculated load will be overestimated because part
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of the plants is not eaten, and another part must remain for grassland recovery, soil protection
and seed renewal. In districts with low projective cover, it is appropriate to use the lower
coefficient boundary because the ecological risk of biomass removal is higher.

The resulting indicator can be presented in two interrelated forms: as the permissible
number of conditional livestock units per unit area or as the required pasture area per one
conditional livestock unit. For district-level management tasks, the second form is often
clearer because it shows how many hectares are required for sustainable maintenance of one
conditional livestock unit at a given productivity and use duration.

Spatial mapping of permissible load allows identification of zones of deficient pasture
capacity, territories of potential overload and sites where seasonal redistribution of grazing is
possible. This result has applied significance for planning pasture rotation, placing watering
points, regulating livestock routes and substantiating restoration measures for degraded
pastures (Table 5).

Table 5 - Stages of GIS-based calculation of permissible grazing load

Stage Operation content Result
Definition of the pasture-land mask and exclusion of . .
1 . Spatial pasture layer for calculations
non-pasture objects
Extraction of LAI, FAPAR and FCOVER and .
2 - . Assessment of forage potential
calculation of dry-mass productivity
3 Application of the utilization coefficient considering Ecologically permissible part of biomass
pasture type
4 Relating available fo_rz_age mass to the requirement of L oad standard at the district scale
one conditional livestock unit
. . Basis for pasture rotation and management
5 Mapping results and analyzing overload zones decisions

Reliability, uncertainty and limitations of the approach

The reliability of the obtained results is determined by the quality of three data groups:
accuracy of the pasture mask, representativeness of field surveys and correctness of satellite
biophysical parameters. An error in any of these components is transferred to the final
permissible-load estimate. Therefore, the study used multi-stage control: expert checking of
contours, topological cleaning of the geodatabase, cross-checking of field points and
comparison of biophysical parameters with ground descriptions.

The main sources of uncertainty are cloudiness and aerosol haze during the active
vegetation period, interannual variability of precipitation, differences in phenological phases
by elevation belts, spectral similarity of some land-use types and local heterogeneity of
grazing pressure. These factors are especially pronounced in arid districts, where the short
period of spring grassland development determines a considerable part of annual forage
productivity.

To reduce uncertainty, seasonal composites and time series should be used instead of
single images. This approach excludes random anomalies of a specific acquisition date and
reveals stable spatial differences. If multi-year data are available, deviations from average
condition, recurrence of unfavorable signals and zones of chronically low productivity can
additionally be calculated.

A limitation of the study is that the permissible-load calculation reflects potential forage
capacity but does not replace a complete farm balance. Practical management must
additionally consider actual livestock numbers, grazing seasonality, distance to watering
points, territory accessibility, legal status of land parcels and availability of alternative feed
resources. Nevertheless, the proposed GIS basis is a necessary spatial framework for such a
balance.
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Practical significance for district-level pasture management

The practical significance of the research lies in the transition from administratively
averaged standards to a territorially differentiated pasture-management system. At the district
scale, this makes it possible to compare actual load with calculated forage capacity, identify
overloaded sites and plan redistribution of livestock among pasture massifs.

For local authorities, the results can be used to refine pasture-rotation schemes, plan
restoration of degraded sites, assess pasture sufficiency around settlements and prepare
materials for rational land use. For agricultural producers, such maps allow assessment of the
risk of forage-base depletion and selection of optimal periods for using specific sites.

The possibility of annual updating of cartographic information is particularly important.
Pasture productivity in the southern regions of Kazakhstan strongly depends on weather
conditions in a particular year, and therefore static standards quickly become outdated.
Remote sensing makes it possible to promptly update information on vegetation condition
before or during the grazing season.

The proposed approach can be integrated into regional geoinformation systems for land
monitoring. With regular updating of satellite data and field control observations, such a
system can perform not only inventory but also forecasting and management functions:
identifying degradation-risk zones, assessing recovery after load reduction and supporting
decision-making on sustainable use of pasture resources.

Pasture-management zoning based on integrated GIS assessment

Integrated GIS assessment makes it possible to move from the description of separate
indicators to functional zoning of pastures. Within such zoning, each site is considered not
only as a source of forage mass but also as an element of a landscape system with a particular
resistance to grazing. This is fundamentally important for arid territories because sites with
the same productivity may have different recovery capacities after grazing pressure.

At the first level, pastures with relatively stable grass cover and sufficient projective
cover are identified. These territories can be used within planned pasture rotation if the
calculated load is observed. At the second level, sites with limited productivity are identified;
for them, permissible load should be adjusted downward, and grazing periods should be linked
to the phase of maximum grassland development. At the third level are degraded, saline or
highly sparse pastures, where the main management decision should not be increased use but
restoration and temporary load reduction.

For district planning, it is important to consider the spatial connectivity of pastures. Even
if the overall forage-mass balance for a district is positive, a local deficit around settlements
and watering points may persist. In such cases, overloading is formed not by an absolute
shortage of pastures but by uneven territorial accessibility. Therefore, permissible-load maps
should be analyzed jointly with the road network, watering points, livestock-driving distances
and actual livestock distribution (Table 6).

Table 6 - Interpretation classes for district-level pasture management

Class Cartographic feature Management interpretation
. High or medium projective cover, stable o
Sustainable use L AI/ECOVER Use within the calculated load standard
L Low productivity or high seasonal Load reduction, short grazing period,
Limited use Oy
variability recovery control
Degradation risk Sparse cover, low FCOVER, salinity or Temporary grazing restriction and
trampling signs restoration measures
Monitoring High parameter heterogeneity and Annual remote sensing control and
priority proximity to settlements repeated field surveys

Role of field photographs and route maps in interpretation control
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The figures used in the article perform not an illustrative but a methodological function.
Figure 1 shows a set of interpretation features required to distinguish pastures from cropland,
fallow land and hayfields. This is important because in the southern regions of Kazakhstan
some fallow lands and dry hayfields are spectrally similar to pastures. Without such
comparison, the probability of class mixing and incorrect calculation of pasture area increases.

Figures 4 and 5 reveal the connection between office processing and field control. The
route map shows how control points are distributed within the district, and the photograph of
the test polygon makes it possible to compare the digital position of a point with the actual
condition of grass cover. Such comparison is especially necessary when assessing pastures
where the satellite signal may be caused by both vegetation mass and soil background.

Recommendations for improving the monitoring system

To improve the scientific and applied accuracy of monitoring, annual updating of
biophysical parameters should be organized in the same phenological periods. A single
calendar date is unacceptable for different natural zones of southern Kazakhstan: in flat arid
districts, the maximum of grass cover occurs earlier than in foothill and mountain districts.
Therefore, the compositing date should be determined by the dynamics of a vegetation index
and the actual phase of grassland development.

The network of permanent control polygons should be expanded. Single field surveys
describe pasture condition in a specific year; however, repeated productivity is more important
for load regulation. Permanent polygons make it possible to assess interannual variability,
stability of plant formations and pasture response to decreased or increased grazing.

As an additional direction, it is advisable to use data on relief, soils and accessibility of
watering points. Slopes, aspect, soil texture and salinity influence pasture resistance to grazing
no less than current green biomass. Integration of these factors will make it possible to create
not only a productivity map but also a map of ecologically permissible use.

For practical implementation, the results should be presented as district GIS layers and
tabular standards suitable for updating. The optimal structure includes a pasture-contour layer,
a layer of biophysical parameters, a productivity layer, a permissible-load layer, an actual-use
layer and a priority-measures layer. This structure allows the materials to be used not only in
a scientific article but also in land and pasture resource management systems (Table 7).

Table 7 - Recommended components of an operational GIS-based pasture monitoring system

GIS component Content Purpose
Pasture-land contours with administrative .
Pasture mask linkage Base layer for all calculations
Remote-sensing LAI, FAPAR, FCOVER and seasonal Assessment of vegetation condition and
parameters composites dynamics
. Coordinates, species composition, Calibration and validation of satellite
Field polygons A L
projective cover and productivity data

Calculation of dry forage mass by

Productivity Determination of forage capacity
polygons or cells
Permissible load Use standard cons_ld_erlng utilization Planning of grazing and pasture
coefficient rotation

Zones of overload, degradation and
restoration

Scientific novelty and applied significance
The scientific novelty of the work lies in the integrated combination of remotely sensed
biophysical parameters, geobotanical descriptions and district-level calculation of permissible
load. Unlike approaches based only on normative average values, the proposed scheme

Risk and measures Support for management decisions

383



WAMp
A
%Em‘\‘é\ BKY Xa6apuubicbi
BectHuk 3KY 2(102) — 2026
considers spatial heterogeneity of pastures, differences in vegetation formations and actual
ground indicators of grass cover.

The methodological contribution is that remote sensing data are used not only for
visualization of vegetation condition but also as a quantitative source for calculating forage
capacity. This increases the analytical value of satellite data and enables a transition from
overview monitoring to applied pasture-use regulation.

The applied significance is determined by the possibility of using the results at the
district level. For agricultural management, the district scale is the most important because it
is sufficiently detailed to account for local differences and simultaneously corresponds to the
level at which decisions are made on pasture allocation, load regulation and planning of
restoration measures.

The obtained materials can serve as a basis for developing regional rules of rational
pasture use, refining maximum permissible load, assessing degradation risk and forming a
digital archive of pasture-land condition. With regular updating, such data can be used to
monitor the consequences of climate change, drought years and anthropogenic pressure on
forage resources.

Generalized workflow for reproducing the methodology

To reproduce the methodology in other regions of Kazakhstan, a sequential algorithm
is advisable. First, an initial spatial database is formed, including administrative boundaries,
land use, satellite images and existing pasture materials. Then a pasture-land mask is created
with exclusion of non-pasture objects and mandatory topological checking.

After mask preparation, biophysical parameters are calculated for the period of active
vegetation. The resulting rasters are aggregated by pasture polygons or used in a cell-based
model. At the next stage, test polygons are selected to cover the main spectral, landscape and
vegetation differences of the district. Geobotanical descriptions and productivity
measurements are carried out on these polygons.

Then a relationship is built between field data and satellite parameters. After calibration,
the model is applied to the entire pasture mask of the district, which makes it possible to obtain
the spatial distribution of productivity. At the final stage, productivity is converted into
permissible load considering the utilization coefficient and the requirement of one conditional
livestock unit.

The advantage of this algorithm is its scalability. It can be applied both to individual
districts and to the regional level, provided that a unified database structure and field
verification methodology are maintained. This creates prerequisites for the formation of a
comparable national system for monitoring pasture resources.

Conclusion

The study confirmed the effectiveness of integrating Earth remote sensing data, GIS
analysis and field geobotanical surveys for assessing pasture lands in the southern regions of
Kazakhstan. The created digital maps of pasture lands provide a spatial basis for district-level
analysis and subsequent grazing regulation.

The largest area of digitized pastures was identified in Kyzylorda Region - 15.14 million
ha, followed by Turkestan Region - 9.12 million ha, Zhambyl Region - 8.35 million ha,
Zhetysu Region - 8.34 million ha and Almaty Region - 6.32 million ha. However, area alone
is not a sufficient criterion of pasture capacity because forage potential is determined by
productivity, projective cover, species composition and degree of degradation.

Biophysical parameters LAI, FAPAR and FCOVER revealed spatial differences in
vegetation condition. More favorable conditions for grassland formation are typical of Almaty
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and Zhetysu regions. Turkestan, Zhambyl and Kyzylorda regions have more pronounced
limitations associated with aridity, low closure of vegetation cover and heterogeneous
productivity.

The calculation of permissible grazing load should consider dry pasture-mass
productivity, utilization coefficient and the requirement of one conditional livestock unit. The
proposed methodological scheme can be used to develop district-level standards, plan pasture
rotation, refine land-use management decisions and prevent degradation of pasture
ecosystems.
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Pannpa ApeicranoBa, Acer ApbIcTaHOB, AlikepiMm Mamaesa, I'ynbHapa Kao:xxanoBa, Kanai
Carun, /lapura AOanxanbIKoBa
TEOUH®OPMAIIUOHHOE KAPTOIT'PA®UPOBAHUE ITACTBUIIHBIX YT O
IO7KHBIX PETHOHOB KA3AXCTAHA HA OCHOBE JAHHBIX ITUCTAHIHUOHHOI'O
30HAUPOBAHUA 3EMJIN

AHHOTALHS. B CTaThe MpeICTaBICHBI pe3ybTaThl reonH()OPMaLMOHHOTO
KaprorpadupoBaHus NAcTOMIIHBIX YTOAWHM OKHBIX pernoHoB KaszaxcraHa Ha OCHOBE JaHHBIX
OMCTAaHIMOHHOTO 30HIupoBaHus 3emiu, ['MIC-aHanu3a U mMarepuanoB MOJEBBIX re000TaHUYECKUX
obcnenoBannii. OObEeKTaMH HCCICAOBAHUS SIBISUIMCH MACTOMIIHBIE TEPPUTOPUH AJIMAaTHHCKOMU,
Kamowinckoit, Xetwicyckoit, Koizpmopaumuckoit 1 TypkecTaHcKoil oOnacTei, pa3iuvarominecs
KOHTPAacTHBIMHU IPUPOJHO-KIMMATHYECKUMHU yCIOBUSMH, HEOTHOPOAHBIM ITOYBEHHO-PACTUTEIBHBIM
MOKPOBOM, CTEMEHBIO apPUIHOCTH W ypPOBHEM aHTPOIOTEHHOHM Harpy3kd. AKTYaJbHOCTb
WCCIICIOBAHUS OIpeneNsieTcsl He0OX0AUMOCThI0 (HOPMHUPOBaHUS OOBEKTHBHOM LU(POBOH OCHOBBI
IUIl OLEHKH COCTOSHMSI NAacTOWII, YTOYHEHWS WX MPOCTPAHCTBEHHOI'O pACIPOCTPAHEHUS U
000CHOBaHMS JIOMyCTUMOM MacTOMIIHONW HAarpy3kd Ha palOHHOM ypoBHEe. B KauecTBe HCXOIHBIX
MaTEepHalIOB HCIOJIb30BaHbl AJAMUHHCTPATHBHBIC TPaHUIBI 0o0JacTei W pailoHOB, CIyTHHUKOBEHIE
CHHUMKH CpEIHEro MpPOCTPAHCTBEHHOIO paspelieHus, LU(POBBIE CIOH 3EMIICHOIb30BAHUS,
pe3yabTaThl BU3YaJbHO-IKCIEPTHOTO ACIM(PUPOBAHMS, & TaKKe IOJEBble JaHHBIE O BHIOBOM
COCTaBe, MPOEKTUBHOM IOKPBHITHH, BBICOTE TPABOCTOSA, MPOAYKTUBHOCTH M KOPMOBOI LIEHHOCTH
MacTOMIIHON pPacTHTENILHOCTH. MeToAMKa BKIOYajda (OPMHUPOBAHHE IPOCTPAHCTBEHHOW Oa3bl
JaHHBIX, BBIJCJICHHE TMACTOMINHBIX YrOAWH, HCKIIOYEHHE HEMacTOMIIHBIX OOBEKTOB, pacyer
OMOU3NUECKHX TMapaMeTpOB PACTUTENBHOCTH M COMOCTAaBICHHE CITyTHUKOBOM HMH(pOpMaLuu C
MarepuaiaMu MOJEBBIX oOcienoBaHUid. [Ipy BHIOOpPE TECTOBBIX MOJIMIOHOB TaKXKE YUYHTHIBAJIHCH
pasnuuMs MPUPOIHBIX 30H, CE30HHAs JAWHAMUKA TPAaBOCTOS U CIHEKTpasbHas OJHOPOJHOCTD
pactutenbHbIx Gopmanmii. Ha ocnoBe I'MC-00paboTku Obumu co3nanbl HU(POBEIE KapThl TacTOUII
naTH obnacteil U BhimoiHeHa oueHka nokasatenei LAI, FAPAR u FCOVER, xapakrepusyrommx
pa3BUTHE JMCTOBOM OMOMacchl, POTOCHHTETHYECKYIO aKTHBHOCTD U JONIO MIOBEPXHOCTH, MOKPHITYIO
3€JIeHOW PacTUTEIBHOCTHI0. Pe3ynbTaThl MoKa3aau BHIPAKCHHYIO PErHOHANBHYIO AU(QepeHINaHIO
COCTOSIHHSI TTacTOMII: Oosee OnaronpHATHbIC 3HAUYCHHUS OMO(MU3NYECKHX MapaMeTPOB yCTAaHOBJICHBI
Ut AnMmatrHCcKo# u XKetbicyckoit oOmacteid, Toraa kak macrouma Typkecranckoid, JKaMOBIICKOW H
Kepiopauackoit  oOmactelt  XapakTepu3yloTcsi 0Oojee OrpaHMYEHHBIM OWONPOAYKIHOHHBIM
noteHnuanoM. [loneBrie reob0TaHUUECKHE 00CTEIOBAHNUS TO3BOIMIA YTOUYHUTE THITBI PACTHUTEIBHBIX
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(hopMaruii, mpoBeCTH BepUPUKAINIO PE3yIbTATOB JEMU(PUPOBAHUS U TOBBICHTH JOCTOBEPHOCTH
TeMaTH4eCcKoro kaprorpadupoBanus. [lomydeHHBIE MaTepHallbl MOTYT OBITh HCIIOJNIB30BAaHBI IS
PaIOHAITBHOTO MACTOUIIETIOIE30BaHUS, TPOCTPAHCTBEHHOTO TUIAHUPOBAHUS TACTOUIIIHOW HATrPY3KH,
pa3paboTKu paflOHHBIX HOPMATHBOB M TPEAOTBPAIICHUS JEeTpajalliil IMMacTOUIIHBIX SKOCHCTEM
rokHOro Kaszaxcrana.
KamoudeBble caoBa: macTOMIHBIC YroAbs; IWCTAaHIMOHHOE 30HAMpoBanue 3emin; [UC;
Onodu3nuecKre IMapaMeTphl; Teo00TaHWYeCKoe OOCIeIOBaHNE; IMACTOWIHAS HArpy3Ka; FOKHBIN
Kazaxcran; LAIl; FAPAR; FCOVER; nonyctuMas macTOMIHas Harpy3Ka.

Pannpa ApeicTranoBa, Acer ApbIcTaHOB, AlikepiMm Mamaesa, I'ynbHapa Kao:xxanoBa, Kanai
Carun, [lapura A0auxajbIKOBa
KEPJII KAIIBIKTBIKTAH 30HATAY JEPEKTEPI HET'I3IHAE KASAKCTAHHbBIH
OHTYCTIK OHIPJIEPIHAEIT )KAWBLIBIMJIBIK )KEPJIEPII TEOAKIIAPATTBIK
KAPTOI'PAOUSAIIAY

AnpaTtma. Makanana XKepni KalibIKTBIKTaH 30HATAY Aepektepi, ['AXK-rannay xoHe maiaibiK
reo0OTaHUKANIBIK 3epTTEY MaTepuaigapbl Heridigae KaszakcTaHHBIH OHTYCTIK ©HipJepiHaeri
KaWbUIBIMABIK >KepJepli TeoakKMmapaTThlK KapTorpadusiiay HoTKenepi OepinreH. 3epTrey
HBICAaHJaphl PETiHJIE TaOMFU-KIMMATTHIK JKaFdalaaphl, TOIBIPAK-OCIMIIK >KaMBUIFBICHI, apUATIIIK
JIopexeci oHe aHTPOMOreH IK KyKTeMe JIeHreii optypai Anmartel, XKamObu1, XKerticy, Kei3suiopaa
xoHe TypkicTaH OONBICTapBIHBIH, KaHBUIBIMIBIK ayMaKTaphl KapacThIPbULABI. 3epTTeyIiH ©3eKTUIIr
KaWbUTBIMAAPIBIH Kal-KYHiH Oaranay, onapIblH KEHICTIKTIK TapajlyblH HAaKTbUIAy >KOHE ayJaH[IbIK
JCHrelie pyKcaT €TiIeTiH >KalbUIBIMIBIK JKYKTEMEHI HeTi3lley YIUiH OOBeKTHBTI HUQPIBIK HETi3
KaIBINTACTBIPY KaKETTIMITIMEH aHbIKTanafpl. bactanmkel martepuangap peTiHIe oOJbicTap MeEH
ayAaHAapIblH OKIMIIUIIK IIeKapajlapbl, OpTalla KEHICTIKTIK aXbIpaTbIMIBUIBIKTaFbl CITyTHUKTIK
cyperTep, *Xep maiinanany OolblHINA HHQPIBIK KabaTTap, BU3yalbl-capalTaManiblK Iemudpiey
HOTHKEJIepl, COHJal-aK OCIMIIKTEepHiH TYPJIK Kypambl, MPOCKTUBTIK >KaMBUIFBICHI, IIONTECIH
YKAMBUIFBIHBIH OWIKTIT], OHIMIIIIr OHE >KaHBUIBIMIBIK OCIMIIKTEPAIH MAaJIa3bIKTHIK KYHIBLUTBIFBI
KOHIHJICTI JaNaliblK JepeKTep TMalfaaHbUIbl. OJICTeMe KEHICTIKTIK JepekTep 0a3achiH
KaJIBIITACTBIPYIb, )KaHBUIBIMIBIK XKepJiep i Oein KepceTyl, >KalbUIbIMFa KaTHalThIH HBICAH AP Ibl
aNBIll TacTaygbl, OCIMAIKTEpIiH OHOMU3MKANBIK MapaMeTpiepiH €cenTeyli XoHE CITyTHUKTIK
aKmaparThl JAIANIBIK 3epTTEY MaTepUANIAPBIMEH CaJbICTBIPYAbl KAMTHIIBI. TeCTiIiK MONUTOHAAPIbI
TaHJAay Ke3iHAe TaOMFU 30HaNaplarbl albIpMAaIIbUIBIKTAap, IIOINTECiH JKaMBUIFBIHBIH MayCBIMIIBIK
JMHAMHKAChl JKOHE OCIMIIK (OpMalUsUIapbIHbIH COEKTPIIiK OipTekTimiri ne eckepinai. ['AXK-enuney
Herizinge Oec 0ONbIC OOUBIHINA >KAHBUIBIMIAPJBIH HUMPIBIK KapTalapbl >Xacajblll, >KarbIpak
OMOMacCachIHBIH JaMybiH, (JOTOCHHTETUKAIBIK OCJICEHIUTIKTI XKOHE JKep OCTIHIH kKachUT ©CIMIIKIICH
xa0buty yieciH cunarraidTeid LAI, FAPAR xone FCOVER kepcetkimTepi Oarananapl. Hotmxkenep
KAMBUTBIMAAPABIH  JKaFIalblHIA alKelH OHipiik auddepeHimanus Oap EKEHIH KOpPCETTi:
OroQU3NKAIBIK ITapaMeTpIIepIiH HEFYPIIbIM KoJIaiisl MoHepi AnMatsl skoHe JKeticy oOnbIcTapbIiHaa
aHpIKTanca, Typkicran, JKamObum skoHe Kp3butopaa — OONBICTapbIHBIH — KaWBUTBIMAAPHI
OMOTIPOSYKUMSUIBIK 9JIEYETiHIH CaJBICTBIPMAIIBl TYPAE LIEKTEYi OOMybIMEH curaTTanisl. Jamaimbik
reo00TaHUKANBIK 3epTTeyJiep ©ciMIAIK (OpMalUsUIapbIHBIH THIITEPIH HaKTbUIAyFa, aemmdprey
HOTHXKeJIepiH Bepu(UKaLMsIIayFa >KOHE TaKbIPBIIITHIK KapTorpadusuiayIblH CEHIMALTITIH apTTRIpyFa
MYMKIiHIIK Oepai. ANBIHFAaH MaTepuaiiap >KaibUIBIMAApAbl YTHIMIBI NaigalaHy, >KalbUIBIMIBIK
KYKTEMEHI KEHICTIKTIK J>Kocmapiay, ayJaHAblK HOPMaTUBTEpAl a3ipiney >koHe KaszakcTaHHBIH
OHTYCTITIHAET] >KaMbUIBIMIBIK 3KOKYHEJIepAiH IerpajaluschiH OONIplpMay YIIiH KOJJIAHBUTYBI
MYMKiH.

Kinar ce3mep: >xalbUIBIMIBIK xkepiep; Kepai KambIKTeikTaH 30HaTaY; [TAXK; Onodusmkaibik
napamerpiiep, reo0OTaHUKANBIK 3€pTTey; >KaWbUIBIMABIK >KYKTeme; OHTycTik Kazakcran; LAl;
FAPAR; FCOVER; pykcaT eTieTi ®albUIBIMABIK KYKTEME.
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